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Cardinality in clustering, 327, 336-338

Case-folding, 26
CAS topics, 193

Category, 237 |
Centroid-based classification, 291

Centroids
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HAC, 350, 358-359
Rocchio classification, 269, 271

Chaining in clustering, 352
Chain rule, 202
Champion lists, 127-128
Character sequence decoding, 18-21
x? feature selection, 256, 258
Chinese, 2324, 47
Class boundary, 279
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maximum a posteriori, 239

Classification. See also Text classification

any-of, 281

centroid-based, 291

defined, 234, 235

kNN (See k nearest neighbor

classification (kININ))

multivalue, 281

one-of, 282

one-versus-all, 303

Rocchio (See Rocchio classification)
Classification function, 237
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choosing, 308-309

defined, 237
performance, improving, 309-313

two-class, 259, 267, 292
CLEF collection, 142
Click spam, 394
Clickstream mining, 172
Clickthrough log analysis, 156, 172
Cliques, 351
Cloaking, in spamming, 391
Cluster-based classification, 291
Cluster hypothesis, 322-323, 325, 344
Clustering
average-link, 350, 358
cardinality in, 327,338
centroid-based, 362, 367
chaining in, 352
complete-link HAC, 360
divisive, 362-363
exclusive vs. exhaustive, 327
flat (See Flat clustering)
function notations, xi
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358, 360, 362, 367
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hard, 322 |
hierarchical, 346 (See also Hierarchical

clustering)
minimum variance, 367

model-based, 338342
optimal, 362

overview, 322-326

single-link HAC, 359, 360, 362
spectral, 368 j
top~-down, 363

Clusters

defined, 68, 321
labeling, 363-365, 367-368

pruning, 129-131

Co-clustering, 345
Collections

clustering, 325
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frequency, 25, 108-109
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statistics, large, 75
Combination schemes, 4042
Combination similarity, 347, 351,
360 -
Complete-linkage clustering. See
Complete-link clustering
Component coverage, 193-194
Compound nouns, 24
Compound-splitter, 24
Compression
of dictionaries, 82-87, 102
of docIDs, 88
lossless/lossy, 80
parameter-free, 92
parameterized, 98
of postings list, 87-95
Compression/indexes
Heaps’ law, 80-82, 276-277
overview, 78
Zipf's law, 82-83
Concept drift, 249 |
Conditional independence assumption,
246
Confusion matrix, 283
Connected components, 351
Connectivity queries, 416
Connectivity servers, 419
Content management systems, 77
Content seen module, 410-411
Context, XML, 181
Context resemblance, 190
Contiguity hypothesis, 266
Continuation bit, 89
Corpus, 4
Coin)ne similarity, 111, 112, 121, 344
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CO topics, 193

CPC (cost per click), 393

CPM (cost per mil), 393

Cranfield collection, 141-142

Cross-entropy, 232

Cross-language information retrieval,
142, 384

Cumulative gain, 149

Databases

communication with, 77
relational, 178-179, 197
A-codes, 96, 98
Decision boundaries
defined, 269
kNN, 274
Decision hyperplanes, 267, 278
Decision trees, 261
Dendrograms
complete-link clustering, 352
described, 347, 348
Development sets, 262
Development test collection, 141
Diacritics, 28
Dice coefficient, 150
Dictionaries
compression of, 87, 102
in inverted indexes, 57
search structures for, 45-47
Ditferential cluster labeling, 365
Digital libraries, 178
Discrete-time stochastic processes, 425
Disk seek, 62
Distortion, 336
Distributed crawling, 419
Distributed index, 68
Distributed indexing, 67~70, 415-416

Distributed information retrieval, 70, 416
Divisive clustering, 363

DNS resolution, 411412
DNS resolution module, 408
DNS server, 411
DoclIDs
compression of,'88
in inverted indexes, 7
in postings list intersection
operations, 10
Document-at-a-time scoring, 129
Document collection. See Collections
Document likelihood model, 231
Document-partitioned index, 68
Documents
character sequence decoding, 21

classification of (See Text classification)
defined, 4
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delineation of, 21
frequency defined, 7
function notations, xi
partitioning, 416
relevant, retrieving, xvii
untit, choosing, 20-21
vector, defined, 109-110
Document space, 237
Document zones, 312-313

Doorway pages, 392
Dot products

described, 110-113

in SVMs, 298
Duplicate elimination modules, 408
Dynamic indexing, 71
Dynamic summary, 157

East Asian languages, 43. See also
Chinese; Japanese

Edit distance, 53-55
Effectiveness

assessment of, 5

text classification, 259, 261
Efficiency, 259
Eigen decomposition, 372
Eigenvalues, 370, 425

11-point interpolated average precisibn
146

Email
document units, 20
sorting, 2, 235
EM algorithm, 339-341
Enterprise resource planning, 77
Enterprise search, 61
Entropy, 91, 330
Equivalence classes, 26
Ergodic Markov Chain, 427

Euclidean distance, 121, 296-297, 344
Euclidean length, 111

Evalution of retrieval systems
A/B test, 156
ad hoc, 141
clustering, 327-331
F measure, 144, 331
interpolated precision, 145
kappa statistic, 151, 152, 160

keyword-in-context snippets, 158
MAP, 147

marginal relevance, 154

normalized discounted cumulative
gain, 149

overview, 141

pooling, 151

precision at k, 148

precision-recall curve, 145, 146
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Evalution of retrieval systems (cont.)
probabilistic information retrieval,
212-213
ranked sets, 145-151
relevance assessment, 154
relevance feedback, 170-171
results snippets, 159
ROC curve, 149
R-precision, 148, 160
sensitivity, 149
specificity, 149
summarization, static vs. dynamic, 157
system quality /user utility, 156
test collections, standard, 142
text classification, 258-263
text summarization, 157

Index
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distortion, 336

evaluation of, 331

exhaustive, 327
Expectation-Maximization algorithm,
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expectation step, 340
external criterion of qualthy, 328, 329

HAC vs., 367

internal criterion of quality, 327
K means, 331-338

K-medoids, 336

in language models, 325
maximization step, 340
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clustering,. 350, 358, 360, 362, 367
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Group-average agglomerative
clustering

HAC. See hierarchical agglomerative
clustering (HAC)
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Hard clustering, 326
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Heaps’ law, 82, 277
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Host splitters, 410
HTML, 385
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